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Abstract
[IMPORTANT: The method and results sections were written using a randomized dataset produced by Qualtrics to simulate what these sections will look like after data collection. These will be updated following the data collection. No actual pre-registration or data collection has taken place yet; all statistics and sentences written in the past tense are placeholders.]

Individuals who donate to charity may be affected by various biases and donate inefficiently. In a replication and extension Registered Report with a US Amazon Mechanical Turk sample using CloudResearch (N = 1400), we replicated Studies 1 to 4 in Baron and Szymanska (2011) with extensions on reputation and overhead funding. 
[The following findings are based on simulated random noise and will be updated after data collection:]
We found support for the effect of diversification on donations, no support for the effects of waste/overhead, past costs, and forced charity on donations, and mixed support for the ingroup effect on donations ([effects and CIs]). Extending the replication, we found no support for the impact of reputation on donation allocation ([effects and CIs]), and no support for impact of paid-for overhead costs on donation allocation ([effects and CIs]). We discuss the implications and validity of these findings. All materials, data, and code were made available on: https://osf.io/bep78/.

Baron and Szymanska (2011): Replication and extensions Registered Report [Stage 1]    	         2
Keywords: effective altruism, heuristics, utilitarianism, donations, efficacy, charity, cognitive biases, registered report, replication

[bookmark: _yros5fasfysm]PCIRR-Study Design Table
	Question
	Hypothesis
	Sampling plan
	Analysis plan 
(See results section)
	Rationale
	Interpretation given different outcomes
	Theory impact

	How does charity perceived waste (overhead) impact donations? 
	Waste/overhead effect: People prefer to donate to charities with lower perceived waste, even when efficiency is held constant (H1)
	This
study aims to
recruit 1400 participants online on Amazon MTurk via CloudResearch. 


	One sample t-tests against mid-point.
	Power analyses indicate that this planned sample size should be well-powered enough
to detect effects
much weaker
than the smallest
effects in the
target article. See the power
analysis section of this manuscript.
 
	We interpret replication results based on criteria in LeBel et al. (2019) by comparing our replication effect sizes and confidence intervals to the original effect sizes in the target article. 

We will conclude a successful replication if at least 80% of the studieseffects (i.e., 4 or 5, out of 5) showed a signal in the same direction as the original study by Baron and Szymanska (2011), a failed replication if only one or no studies effects (out of 5) showed a signal in the same direction as the original, and any mixed findings with lower than 80% and above 20% (i.e., 2 or 3, out of 5) to be a mixed results replication.
	The theory that people donate inefficiently due to various heuristics and biases.

	How do charity past costs (average benefit per dollar) impact donations? 
	Past costs effect: People prefer to donate to charities with lower the past costs (average benefit per dollar), even when past costs are irrelevant in the context (H2)
	
	
	
	
	

	In a choice between two charities, would people prefer diversification or efficiency?
	Diversification effect: People tend to diversify their donations (donate to a larger number of charities), even when it means that their donations are less efficient overall (H3)
	
	Series of one sample t-tests against mid-point.. paired t-test, one-way repeated measures ANOVA
	
	
	

	In a choice between local and foreign charities, would people prefer to donate to causes in their own country over foreign countries?
	Nationalism/Ingroup effect: People prefer to donate to causes within their own country than to causes in other countries (H4)
	
	One sample t-test, one-way repeated measures ANOVA
	
	
	

	Do people prefer to do good through government tax or voluntary charity?
	Forced-charity/Government-taxes effect: People prefer to help through voluntary donations over forced charity (government taxes) (H5)
	
	
	
	
	

	Would people prefer to donate publicly or anonymously?
	Reputation / Publicity effect: People prefer to donate publicly than to donate anonymously (H6)
	
	One sample t-test
	
	
	

	Would people donate more to charities where the overhead is paid for by another donor?
	Overhead costs / External funding effect: People prefer to donate to charities with overhead paid for by other donors (H7)
	
	
	
	
	


[bookmark: _qf9aoox4swst]
[bookmark: _6amfnnk2vjmq]Factors impacting effective altruism: Revisiting heuristics and biases in charity in a replication and extensions Registered Report of Baron and Szymanska (2011)

[IMPORTANT: 
This section is written in the past tense to simulate what the manuscript will look like after the data collection; no pre-registration or data collection has taken place yet.]

Background
There are many factors that influence a person’s decision to donate money to a charitable cause. Bekkers and Wiepking (2011) identified eight separate mechanisms which drive charitable giving: awareness of need, solicitation, costs and benefits, altruism, reputation, psychological benefits, values, and efficacy. Some or all of these mechanisms may drive a person’s choice to donate. 
Baron and Szymanska (2011) proposed that utilitarianism, which they defined as “the totality of good that comes about from a choice”, should be the objective standard from which to evaluate the efficiency of any given donation. They argued that charitable donations should be made aiming to maximize the most good possible using the same amount of money. However, people might not donate according to these standards due to heuristics, mental shortcuts driven by cognitive constraints aiming to minimize use of cognitive resources, which end up going counter to the intended goal. Baron and Szymanska (2011) coined those as “non-utilitarian heuristics”, and their research demonstrated five heuristics orthat result in biases that cause, systematic deviations from the utilitarian model: 1) waste, 2) average cost, 3) diversification, 4) nationalism, and 5) forced charity.
We report a replication and extension Registered Report of Baron and Szymanska (2011) with the following goals. Our first goal was to conduct a close, independent, and well-powered replication of the target article and the effects of various non-utilitarian heuristics that drive charitable donations. Our second goal was to extend the target article’s design by addressing several unanswered further manipulating these heuristics. We hope to gain a better understanding of the different effects that result in suboptimal donations not aligned with maximizing overall good.
We begin by introducing the various heuristics and biases covered in Baron and Szymanska (2011), then discuss our motivation for the current replication study and the target’s hypotheses and study design, and conclude with our replication and extension design, needed adjustments, and added extensions. 
[bookmark: _j9r1gh94dmgt]1. Waste/overhead effect
Efficacy is one of the eight mechanisms that drive people to donate to charity. However, it can be difficult to evaluate the amount of good a donation of a certain amount will do, whereas it is often easier to evaluate other simpler factors (evaluability bias; Hsee, 1996). One such factor that people seem to pay more attention to is the relative amount of money a charity spends on overhead. Baron and Szymanska (2011) demonstrated that people appear biased against charities that have a higher overhead, even if those charities are actually more efficient in the goods they do, taking overhead costs into account. To test the impact of waste/overhead effect on charitable giving (Hypothesis 1), participants in Studies 1 through 3 were asked how much money they would be willing to allocate towards a charity that spent less on advertising or overhead compared to a charity that spent more, when both charities save the same number of people with the same amount of money. In all three studies, it was found that participants allocated more towards the charity that spent less money on advertising/overhead.
Recent followup research by Caviola et al. (2014) showed further support for the idea that people seem more willing to donate more to charities with low overhead ratio, regardless of cost effectiveness.
[bookmark: _4yfu8jpplcer]2. Past costs effect
Baron and Szymanska (2011) demonstrated that people are less willing to donate when presented with a charity’s past costs. To test the past costs effect on charitable giving (Hypothesis 2), participants in Studies 1 and 2 were asked how much they would allocate towards a charity that was previously less effective compared to a previously more effective charity, if both charities are equally effective right now. For both studies, it was found that participants allocated more towards the charity that was previously more effective.
They argued that the utilitarian approach to maximizing efficiency in charitable donations should be to evaluate the “marginal benefit per marginal dollar”; i.e. the extra benefit gained for a new contribution of a certain size. This means that people tend to be biased, for example, towards a charity which was cheaper to set up compared to one that took more money to set up, even if they could do the same or more good with a new donation of the same size, since they inaccurately take into account the previous efficiency of the charity in their evaluation, not just their current efficiency.
[bookmark: _ahe5r6lslyyl]3. Diversification effect
	The diversification effect is the phenomenon that people seek variety even when there is no reason to diversify (Read & Loewenstein, 1995). In the context of charitable giving, this effect can manifest in the tendency towards giving to many charities over a single charity in pursuit of a fair distribution (Fox et al., 2015). Baron and Szymanska (2011) argued that this effect extends even to cases where the many charities are, overall, less efficient than the single charity.
To test the diversification effect on charitable giving (Hypothesis 3), participants in Studies 2 and 4 were asked how much they would allocate to a charity that is more effective compared to a charity that is less effective. Several versions of this question were asked; overall, they found that participants allocated more than nothing towards the charity that was less effective. Additionally, in Study 4, they found differences between the allocation participants thought was right and what they thought was the most efficient allocation, both by amount allocated and by the proportion of participants who allocated more than nothing to the less effective charity. This means that they understood that the more effective charity was indeed more effective, yet still chose to donate more to the less effective charity in the aim of diversifying their donations.
Using a different approach they also asked participants in Studies 1, 3, and 4 how much they would allocate towards a more effective charity running one project and a less effective charity running several. With this approach, participants were still found to allocate more than nothing towards the charity that was less effective, but they found no differences between the allocation participants thought was right and what they thought was the most efficient allocation. 
As a control condition, they also asked participants of Studies 1 and 2 how much they would allocate towards a charity running one project and a charity running several if they were equally effective; in this case, participants’ allocations were not found to differ from equal distribution.
[bookmark: _ir331hhwipbw]4. Nationalism/Ingroup effect
Another possible non-utilitarian heuristic that Baron and Szymanska (2011) investigated is the effect of parochialism, which they defined as “a type of ingroup bias in which people weigh the welfare of their own group more heavily than those of outsiders”, commonly causing them to act in ways that benefit themselves over others. To test the ingroup effect on charitable giving (Hypothesis 4), participants in Studies 1 through 3 were asked how much they would allocate to a charity that helps children in their own country compared to a charity that helps children elsewhere. They presented several different versions of this item with the names of different locations inserted (e.g. India, Africa, and Latin America). In all three studies, they found that participants allocated more money to the charity that helps children in their own country.
Baron and Szymanska (2011) framed this effect through the lens of nationalism; however, we can also look at the effect of parochialism as being a manifestation of the ingroup effect, where people tend to more positively evaluate a group which they belong to compared to an analogous group to which they do not (Mullen et al., 1992).
Other studies have also shown that the ingroup effect appears in the context of charitable donations. For example, James and Zagefka (2017) found that people were willing to donate approximately 30% more money when told that the victims of a flood were from their own country over that of a fictional one; in a study of real-life online crowdfunding, Burtch et al. (2014) found that lenders preferred to lend money to those who were closer to them both in terms of culture and in physical distance.
[bookmark: _bldhgcetqjsa]5. Forced-charity/Government-taxes effect
Baron and Szymanska (2011) argued that people tend to prefer third-party organizations that collect voluntary donations for given beneficiaries over tax-supported government aid programs. They labeled these systems of taxation as “forced charity”, and argued that if voluntary donations and taxation result in the same amount of benefit to the same group of people, a utilitarianism standard would mean that these two programmesprograms should be evaluated equally, and that preferring one over the other would be a form of bias. To test the forced-charity effect on charitable giving (Hypothesis 5), participants in Study 4 were presented with a scenario where money needed to be raised, and were then asked to evaluate two different cases: one in which a tax covered the needed costs, and another where voluntary donations were used to cover the costs. Participants were asked to evaluate which case they preferred and thought was more fair. They presented several versions of this scenario in a random order. Findings were mixed; several versions showed support for a bias against forced charity, whereas some versions did not.
[bookmark: _el6hujzfbr7e] Choice of target for replication: Baron and Szymanska (2011)
We chose to replicate and extend Baron and Szymanska (2011) based on several factors.
First, the article has had an impact on scholarly research and practice, especially in the field of effective altruism. At the time of writing (March 2023), this book chapter has received 109 citations according to Google Scholar, and has set the foundations for a new field on the psychology of (in)effective altruism. This new domain has led to some groundbreaking work by scholars like Caviola et al. (2021) and Butts et al. (2019), as well as other impactful studies in the field such as Burtch et al. (2014) and Berman et al. (2018), investigating charitable behavior as affected by cultural differences and subjective preferences respectively. 
Second, the design of the studies in this paper allowed for the straightforward inclusion of extensions to allow for additional tests and insights on impediments to effective altruism. The formatting of the studies’ questionnaires lent itself well to the inclusion of selected extensions examining other factors that may preclude the effectiveness of participant choice in donation allocations, which we achieved by inserting items of a similar format to the original studies without heavily increasing the complexity of the replication, thus striking a balance between coverage of different impediments to effective altruism and the complexity of the study and the associated data analyses.
Finally, to the best of our knowledge, there are currently no published independent direct replications of this chapter, and there is much potential in revisiting and expanding on many of its insights. The target chapter was very brief on both the description of what was done, the analyses conducted, and the results, and we hope that our reproduction of all the materials, the procedure, the analyses, and the results, would make it easier for others to follow and expand on this important work.
For these reasons, following the recent growing recognition of the importance of reproducibility and replicability in psychological science (Nosek et al., 2022), we aimed to revisit Baron and Szymanska (2011) by conducting a close, independent, and well-powered replication and extension Registered Report.
[bookmark: _iufyt8yltxj9]Baron and Szymanska (2011): Findings and hypotheses
Four studies were conducted in Baron and Szymanska (2011) and we aimed at replicating all four studies. The studies were originally conducted as online questionnaires; the original authors directed us to the original questionnaires’ availability online. We therefore only needed to make adjustments of the study design using the old platform to Qualtrics, and we added extensions by inserting additional items into two of the studies (to be discussed in a subsequent section).
We summarized the findings in the target article in Table 1. Please note that for ease of reading, this manuscript (as well as the tables included within) follows the target article in that findings are sorted by hypothesis and not by study, as most hypotheses were tested over several different studies. Additionally, labels for each hypothesis follow that of the original study for ease of comparison.


[bookmark: ll3g5oqhwxui]Table 1
Baron and Szymanska (2011): Summary of findings
	
	
	
	
	
	
	95% Confidence Interval

	Hypothesis
	Study
	p
	t
	df
	Cohen’s d
	Lower
	Upper

	1 (Waste)
	1
	 = .0000
	N/A
	N/A
	N/A
	N/A
	N/A

	
	2
	N/A
	N/A
	N/A
	N/A
	N/A
	N/A

	
	3
	= .001
	3.39
	83
	0.37
	0.15
	0.56

	2 (Average cost)
	1
	N/A*
	N/A
	N/A
	N/A
	N/A
	N/A

	
	2
	= .0005
	3.66
	76
	0.42
	0.19
	0.64

	3 (Diversification)
	1
	N/A
	N/A
	N/A
	N/A
	N/A
	N/A

	
	2
	N/A
	N/A
	N/A
	N/A
	N/A
	N/A

	
	3
	N/A
	N/A
	N/A
	N/A
	N/A
	N/A

	
	4 (means of responses)
	= .0019
	3.22
	77
	0.36
	0.13
	0.59

	
	4 (proportion of responses)
	= .0006
	3.61
	77
	0.41
	0.18
	0.64

	4 (Nationalism)
	1
	N/A
	N/A
	N/A
	N/A
	N/A
	N/A

	
	2
	N/A
	N/A
	N/A
	N/A
	N/A
	N/A

	
	3
	= .0000
	N/A
	N/A
	N/A
	N/A
	N/A

	5 (Forced charity)
	4 (version 1)
	= .09
	N/A
	N/A
	N/A
	N/A
	N/A

	
	4 (version 3)
	= .0057
	2.84
	77
	0.32
	0.09
	0.55

	
	4 (version 4)
	= .0000
	5.96
	77
	0.70
	0.43
	0.93


Note. Versions of studies without a reported p value are omitted for brevity. Items marked with N/A were not reported by the original authors or cannot be calculated. p values marked with an asterisk (*) means that the result was reported as significant by the original authors but the p value was not mentioned. We calculated the Cohen’s d and confidence interval values wherever possible; see the section on effect size calculations in the supplementary materials. 




Extensions
[bookmark: _2ukal9a04vn]6. Reputation / Publicity effect
In the context of charitable giving, reputation refers to “the social consequences of donations for the donor” (Bekkers & Wiepking, 2011). As the act of donating money is usually seen as a positive thing to do, the act of being observed donating money to a charitable cause could lead to the positive consequence of one’s reputation increasing. A meta-analysis conducted by Bradley et al. (2018) found that the feeling of being observed by others, whether actual or perceived, has a small but positive effect on prosocial behavior. For example, in their study, Alpizar et al. (2008) found that monetary donations made in public were 25% larger than ones made in private.
Therefore, we hypothesized that due to the additional benefits of having their reputation increase, people would show a preference towards donating to causes that could improve their reputation over ones that do not, even when efficiency is held constant.
[bookmark: _9lvsan9b6omi]7. Overhead costs external/ External funding (Hypothesis 7)effect
Hypothesis 1 of the replication states that participants are less willing to donate to charities with a higher perceived waste or overhead, even when efficiency is held constant. However, a study by Gneezy et al. (2014) found that donors were more willing to donate to a charity with overhead costs if the costs were covered by another donor. Both the donation rate and the total amount of donations were found to increase when donors were told that the overhead costs are covered by another donor when compared to control groups and with other manipulations. Moreover, the findings in this paper were successfully replicated with an effect in the same direction in a mass replication effort by Camerer et al. (2018).
Extending these findings, we hypothesized that when people are presented with both options (a charity where overhead is covered by another donor and a charity where overhead is paid for by the donor), people have a preference towards the charity in which overhead is covered by another donor, even if both charities are equally effective and spend the same amount on overhead.
We constructed the hypotheses of our replication from the results of the target article, and we summarized the hypotheses of our replication as well as our extensions in Table 2.
Pre-registration and open-science
We provided all materials, data, and code at: https://osf.io/bep78/. This project has received a Peer Community in Registered Report Stage 1 in-principle acceptance (ENTER LINK AFTER IPA); (ENTER LINK AFTER IPA) after which we created a frozen pre-registration version of the entire Stage 1 packet at (ENTER LINK AFTER IPA) and proceeded to data collection. All measures, manipulations, and exclusions conducted for this investigation are reported, and data collection was completed before conducting the data analyses.




Table 2
Summary of replication and extension hypotheses
	Hypothesis
	Label
	Studies
involved
	Description

	Replication
	
	

	1
	Waste/overhead
	1, 2, 3
	People prefer to donate to charities with lower perceived waste, even when efficiency is held constant

	2
	Past costs
	1, 2
	People prefer to donate to charities with lower the past costs (average benefit per dollar), even when past costs are irrelevant in the context

	3
	Diversification
	1, 2, 3, 4
	People tend to diversify their donations (donate to a larger number of charities), even when it means that their donations are less efficient overall.

	4
	Nationalism/Ingroup
	1, 2, 3
	People prefer to donate to causes within their own country than to causes in other countries

	5
	Forced-charity/Government-taxes
	4
	People prefer to help through voluntary donations over forced charity (government taxes) 

	Extension
	
	
	

	6
	Reputation / Publicity
	1, 2
	People prefer to donate publicly than to donate anonymously

	7
	Overhead costs external funding
	1, 2
	People prefer to donate to charities with overhead paid for by other donors





Pre-registration and open-science
We provided all materials, data, and code at: https://osf.io/bep78/. This project has received a Peer Community in Registered Report Stage 1 in-principle acceptance (ENTER LINK AFTER IPA); (ENTER LINK AFTER IPA) after which we created a frozen pre-registration version of the entire Stage 1 packet at (ENTER LINK AFTER IPA) and proceeded to data collection. All measures, manipulations, and exclusions conducted for this investigation are reported, and data collection was completed before conducting the data analyses.
Method
[IMPORTANT: 
Method and results were written using a randomized dataset produced by Qualtrics to simulate what these sections will look like after data collection. These will be updated following the data collection. For the purpose of the simulation, we wrote these sections in past tense, but no pre-registration or data collection took place yet.]

[bookmark: _w1494bpuegq2]Power and SESOI analyses
The original article recruited about 80 participants per study, for a total of approximately 320 participants overall. To prevent the replication from becoming underpowered, we conducted effect size calculations and power analyses based on the information and statistics reported by the target article. Based on the original article’s effect sizes, we found that the largest minimum sample size required in one study was 178 (for Hypothesis 5: Study 4, version 3). We ran the four studies separately, with participants evenly distributed, and therefore multiplied the minimum number of participants by four (178 × 4) resulting in 712.
However, to account for the possibility that the target’s effects were an overestimation, for possible exclusion of participants, and to allow for additional analyses, we conducted a SESOI analysis aiming for the ability to detect a Cohen’s d of 0.2 (power = 95%, alpha = 0.05) with one-sample and paired samples t-tests, commonly considered weak effects (Xiao et al., 2023). This required a sample size of 327 (and multiplied by 4 = 1308), for a larger total sample size of 1400 participants, accounting for possible exclusions due to incomplete data. Simonsohn (2015) suggests an approach of multiplying the initial sample size by 2.5, which would call for a total sample size of 320 × 4 = 800 participants; the total sample size of this replication is larger than this figure. 
[bookmark: _tf9fwbu5i20u]We provided more information regarding these calculations in the section on “Analysis of the original article” in the supplementary materials. 
[bookmark: _5p7n9ko05z36]Participants
[To demonstrate our results after data collection, we simulated a dataset of 800 participants using Qualtrics and reported our analyses below based on that dataset. Results will later be updated with the real data.]
Based on the SESOI analysis, we recruited a total of 1400 American Amazon Mechanical Turk (MTurk) participants through CloudResearch (Litman et al., 2017) (Mage = 58.59, SD = 24.17; 353 males, 356 females, 691 other/did not disclose). We summarized a comparison of the target article sample and the replication sample in Table 3.
  Based on our experience of running similar judgment and decision making replications on MTurk, to ensure high quality data collection, the following CloudResearch options were employed: Duplicate IP Block, Duplicate Geocode Block, Suspicious Geocode Block, Verify Worker Country Location, Enhanced Privacy, CloudResearch Approved Participants, and Block Low Quality Participants.  We also employed the following Qualtrics fraud and spam prevention measures: reCAPTCHA, prevent multiple submissions, prevent ballotstuffing, bot detection, security scan monitor, and relevantID. 
[The assignment pay is based on the federal wage of 7.25USD/hour, per minute, so for example 5-8 minutes survey would be paid 1 USD per participant. We first pretested survey duration with 30 participants to make sure our time run estimate was accurate and adjusted pay as needed, the data of the 30 participants was not analyzed other than to assess survey completion duration and needed pay adjustments. For those pretest participants, if survey duration was longer than expected, they were paid a bonus as pay adjustment. The pretest participants' responses were included in the final analysis.]


Table 3
Comparison between original study and replication participant demographics
	
	Baron and Szymanska (2011)
	US MTurk workers (2023)

	Sample size
	~320
	1400

	Geographic origin
	Mostly Americans
	US Americans

	Gender 
	About 80% female
	353 males, 356 females, 691 other/did not disclose

	Median age (years)
	About 42
	58

	Average age (years)
	Not given
	58.59

	Age SD (years)
	Not given
	24.17

	Age range (years)
	20-80
	18-100

	Medium (location)
	Online questionnaire
	Online questionnaire

	Compensation
	Nominal payment
	Nominal payment

	Year 
	2011
	2023


[bookmark: _8nqxogyajgaq]

[bookmark: _cyqtpgwafy3g]Design and procedure: Replication
We reconstructed the target’s stimuli and adjusted it to an online Qualtrics survey based on the information provided in the article. Participants indicated their consent, with four questions confirming their eligibility, understanding, and agreement with study terms, which they must answer with a “yes” and required responses in order to proceed to the study. Three of the four questions also served as attention checks, with the options order being rotated (yes, no, not sure). 
All participants completed only one of the four studies. At the end of the study, they answered a number of funneling questions and provided their demographic information, two of which asked for the participant’s age and gender (male/female/other/rather not disclose), similar to the target article, then were debriefed.  
The complete list of items and questions considered in our analysis for both the replication and the extension sections in all four studies can be found in the “Materials used in the replication + extension” section of the supplementary. 

[For review: The Qualtrics survey .QSF file and an exported DOCX file are provided on the OSF folder. A preview link of the Qualtrics survey is provided on: 
https://hku.au1.qualtrics.com/jfe/preview/previewId/52089430-f111-4a71-ac07-b0070ee98486/SV_6eQJIy9YYTirmXI?Q_CHL=preview&Q_SurveyVersionID=current ] 
[bookmark: _jvww36chfu73]
[bookmark: _59gd83elif6u]

[bookmark: _o1bf5m43nq4o]Manipulations
Participants saw the full set of items and questions in the study they were sorted into.  Participants were first told to imagine that they have enough money for it to be easy for them to give some money away for charitable causes without seriously hurting their quality of life, and that they are willing to contribute some of their annual income to such causes. For each item, participants of each study were provided with descriptions of two different conditions, and asked to evaluate the two conditions using various scales.
[bookmark: _u16t0xshu522]Measures
A We provided the full list of the items that we used in this section can be found in the supplementary materials and accompanying Qualtrics survey export files on the OSF.
[bookmark: _vlox4kb0y4c5]Replication: Allocations
[bookmark: _6vpw4s80fpb8]1. Waste/overhead
Participants of Studies 1 through 3 read a description of two charities which differed in the relative amount of money spent on advertising or overhead (e.g., Study 1: “A and B help prevent deaths in children. Both of them can prevent 5 deaths for every $1,000 of donations. A spends $200 out of every $1,000 of donations on advertising. B spends $100.”). They then
In Studies 1 and 2, participants indicated the money allocation ratio between A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals). 
In Study 3 participants were asked - “What is the right allocation between A and B, ignoring your own feelings?” (5 point scale; 1 = All to A; 2 = More to A, some to B; 3 = Equally to A and B; 4 = More to B, some to A; 5 = All to B).
[bookmark: _tox33b62gipk]2. Past costs 
Participants in Studies 1 and 2 read a description of two charities which differed in the overall cost per life already saved in the past, but that are equally efficient with new donations (e.g. Study 2: “A and B will each prevent 5 deaths for every $10,000 of new donations. A was much more expensive to get started. Thus, the cost per life saved on the average is higher for A, because A has spent more money in total.”). They then indicated the money allocation ratio between A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals).
[bookmark: _7pnyrnnggci5]3. Diversification
[bookmark: _vi27e2flf8sb]3a) Diversification: Unequal efficiency
For items in the “unequal efficiency” condition, participants in Studies 2 and 4 read several versions of a description of two charities which differed in their respective efficiency in saving lives (e.g. Study 2, version 1: “A can save one life for $10,000. B can save one life for $12,500. The people helped are from the same groups, with the same problems”). 
Participants in Study 2 indicated the money allocation ratio to A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals). Participants in Study 4 were asked the following questions: “What is the right allocation between A and B, ignoring your own feelings?” “What allocation would you feel best about making?” “What allocation between A and B would be the most efficient use of your money?” “What allocation between A and B would do the most good for each $1,000 spent?”. All questions were on a 5-point scale (1 = All to A; 3 = Equally to A and B; 5 = All to B).
Additionally, forParticipants in Study 4 were asked the following questions: 1) Allocation - “What is the right allocation between A and B, ignoring your own feelings?”  2) Feeling - “What allocation would you feel best about making?”, 3) Efficiency- “What allocation between A and B would be the most efficient use of your money?” , 4) Impact - “What allocation between A and B would do the most good for each $1,000 spent?” (all four questions were on a 5 point scale; 1 = All to A; 2 = More to A, some to B; 3 = Equally to A and B; 4 = More to B, some to A; 5 = All to B)..
[bookmark: _2njh4bkt3rsq]3b) Diversification: Unequal efficiency, several projects versus one
For the items in the “unequal efficiency, several projects versus one” condition, participants in Studies 1, 3, and 4 read a description of two charities which differed in that one charity is less effective but helps more groups of people than the other (e.g., Study 1: “A puts all the money into one project, which has a 75% chance of helping many children, and a 25% chance of doing no good at all. B puts the money into several different projects, each of which has a 70% chance of helping some children, but a 30% chance of doing no good”). 
Participants in Study 1 indicated money allocation ratio between A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals). Participants in Studies 3 and 4 indicated what the right allocation of money between A and B was (“What is the right allocation between A and B, ignoring your own feelings?”) on a 5-point scale (1 = All to A; 3 = Equally to A and B; 5 = All to B); participants in Study 4 were also asked the question “What allocation between A and B would be the most efficient use of your money?” (1 = All to A; 3 = Equally to A and B; 5 = All to B).
Finally, for items inParticipants in Studies 3 and 4 were asked about allocation : “What is the right allocation between A and B, ignoring your own feelings?” (5 point scale; 1 = All to A; 2 = More to A, some to B; 3 = Equally to A and B; 4 = More to B, some to A; 5 = All to B). Participants in Study 4 were also asked about: 2) Feeling - “What allocation would you feel best about making?”, 3) Efficiency- “What allocation between A and B would be the most efficient use of your money?” , 4) Impact - “What allocation between A and B would do the most good for each $1,000 spent?” (all four questions were on a 5 point scale; 1 = All to A; 2 = More to A, some to B; 3 = Equally to A and B; 4 = More to B, some to A; 5 = All to B). We note, though, that the target article only reported the findings regarding allocation and efficiency.
[bookmark: _mdenuqlb96i2]3c) Diversification: Equal efficiency
In the “equal efficiency” condition, participants of Studies 1 and 2 read a description of two charities which differed solely in the number of groups of children they helped (“A puts all the money into one project, which will help 100,000 children. B puts the money into five different projects, each of which will help 20,000 children. (The benefit per child will be the same.)”). TheyParticipants then indicated the money allocation ratio between A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals).
[bookmark: _bk7v76wpg4zj]4. Nationalism/Ingroup effect
Participants of Studies 1 through 3 read one or several descriptions of two charities which differed in the groups they help; one helps children in their own country, and the other helps children around the world or in a specific foreign country/region (e.g. Study 1: “A helps children who are in your own country. B helps children around the world. The children are equally needy.”). Participants of Studies 1 and 2 indicated the money allocation ratio between A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals). Participants in Study 3 indicated perceived right allocation of money between A and B (“What is the right allocation between A and B, ignoring your own feelings?”) on a 5-point scale (1 = All to A; 3 = Equally to A and B; 5 = All to B).
[bookmark: _g9qxo6d5alms]5. Forced-charity/Government-taxes: Attitudes
Participants in Study 4 read several scenarios about raising money. In each scenario, two cases were given: one where the money is raised through taxation (i.e. forced charity), and one where the money is raised by voluntary donations. For example, version 3 had the following: 
“Workers in your country who make widgets [imaginary goods] are getting lower wages because of competition from foreign imports. The price of widgets has gone down, and the workers have accepted wage cuts to avoid layoffs.
Case A: The government puts a tax on widgets. The proceeds from the tax are used to help the domestic workers by restoring their wages to their original level.
Case B: A voluntary charity collects funds to help the domestic workers. The funds are sufficient to restore their wages to their original level.”
For each scenario, rather than the typical allocations in the other hypotheses, participants answered the following questions: 1) Preference - “Which case would you favor if you had a choice?” (-1 = Case A; 0 = Both cases are equal; 1 = Case B). : 2) Fairness - “Which case is more fair in distributing the cost and benefits?”?”, 3) Freedom of choice -  “Which case provides more freedom of choice?” (-1 = Case A; 0 = Both cases are equal; 1 = Case B), as well as the questionand 4) Importance - “Which is more important in this scenario?” (-1 = Fair cost allocation; 0 = Both are equal; 1 = Freedom of choice). As in the target article, given high correlations between the items, they were averaged and compared against the midpoint of 0.
[bookmark: _k6flwubl9idm]Replication: Exploratory measures
When we reconstructed the survey based on the materials shared by the original authors we realized that the authors included additional measures in the design that were not reported in the book chapter. We followed the design in their shared materials exactly and so will analyze and report all the additional measures as exploratory.
[bookmark: _tkpjibo51jkh]Studies 1 and 2
In Studies 1 and 2 in addition to allocations we also asked about: 1) Feeling - “Which choice would give you a better feeling?” (-1 = A gives better feeling; 1 = B gives better feeling; 0 = No difference), 2) Effectiveness - “Which choice is a more effective use of your money?” (-1 = A is more effective; 1 = B is more effective; 0 = No difference), 3) Impact - “With which choice are you more sure that your contribution will do some good (as opposed to none)?” (-1 = More sure that A will do some good; 1 = More sure that B will do some good; 0 = No difference), and 4) additional open-ended feedback - “Any thoughts regarding this specific question? (Optional; up to 255 characters)” (qualitative feedback not meant to be analyzed).
[bookmark: _a2qbd73sr83v]Study 3 Part 1
In Study 3 in addition to allocations we also asked participants about : 1) Feeling - “Which would give you a better feeling?” (-1 = A gives better feeling; 1 = B gives better feeling; 0 = No difference), 2) Efficiency - “What allocation between A and B would be the most efficient use of your money?” (1 = All to A; 2 = More to A, some to B; 3 = Equally to A and B; 4 = More to B, some to A; 5 = All to B), and 3) additional open-ended feedback - “Any thoughts regarding this specific question? (Optional; up to 255 characters)” (qualitative feedback not meant to be analyzed).
[bookmark: _p8ckckhe0kfp]Study 3 Part 2
In addition, Study 3 also had a part 2 for which there were no findings reported. It introduced the following scenarios:
Your state (provincial) government contributes to a non-governmental organization that works to prevent a life-threatening childhood disease in [your state/Africa]. Case A: The state collects individual voluntary contributions through a check-off on its tax forms. It is expected that 50% of the citizens will contribute an average of [$10/$20] each. Case B: The citizens have voted, by a margin of [55% to 45%/95% to 5%], for a system in which the state deducts [$5/$10] from everyone's paycheck, leading to the same total contribution as in Case A. [It is expected that 50% of the employees will contribute an additional $20 leading to the same total contribution as in Case A.]
For each of the scenarios participants were asked about: 1) Preference - “Which Case would you favor if you had a choice?”, 2) Fairness - “Which case is more fair in allocating the cost among potential contributors?”, 3) Freedom - “Which case provides more freedom to potential contributors?”, and 4) Unequal case -  “What if Case A, the voluntary-contribution case, would raise half as much money as Case B (rather than the same amount). Which Case would you favor?” (all on scale of: -1 = A, 1 = B, 0 = equal). They were also asked about priorities - “Which is more important in this case?” (-1 = Fair cost allocation, 1 = Freedom of choice, 0 = equal).
[bookmark: _t22d50u6cbn]Study 4
In Study 4 in addition to allocations and attitudes we also included an additional open-ended feedback - “Any thoughts regarding this specific question? (Optional; up to 255 characters)” (qualitative feedback not meant to be analyzed).
[bookmark: _22g8m6a0lbzb]Extensions
[bookmark: _br5qfglqn2w5]6. Reputation / publicity
Participants in Studies 1 and 2 read the description of two charities which differed only in that one publishes donor names and one does not (“A and B both help thousands of children. A publishes the names of donors and how much they donated on their website. B keeps donors anonymous.”). Participants indicated the money allocation ratio between A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals).
[bookmark: _wb28j779u21a]7. Overhead costs external funding
Participants in Studies 1 and 2 read the description of two charities which differed only in that one charity used the donations to pay the overhead costs, whereas the other charity had another donor cover the overhead costs of the donation (“A and B both help thousands of children. Both charities spend 50% of the donations they receive on administrative costs. For each $100 contribution to A, $50 will go to helping children and $50 will be used to cover administrative costs. For each $100 contribution to B, all $100 will go to helping children; another donor will cover the corresponding $100 administrative cost of this contribution.”). Participants indicated the money allocation ratio between A and B (“How much would you allocate to A/B?”) on an 11-point scale (0 = “A:100%, B:0%”; 100 = “A:0%, B:100%”; options at 10% intervals).
[bookmark: _lf999yi588zo]Evaluation criteria for replication findings
We aimed to compare our replication’s effects with those in the original article, wherever data was available, using the criteria set by LeBel et al. (2019) (see the subsection “Replication evaluation” in the supplementary).
We pre-register our overall strategy to conclude a successful replication if at least 80% of the studieshypotheses/effects (i.e., 4 or 5, out of 5) showed a signal in the same direction as in the original study by Baron and Szymanska (2011), a failed replication if only one or no hypotheses/effects studies (out of 5) showed a signal in the same direction as the original, and any mixed findings with lower than 80% and above 20% (i.e., 2 or 3, out of 5) to be a mixed results replication. 
For each of the five hypotheses there are multiple data sources from different studies, and the diversification hypothesis also has three sub-hypotheses, summarized in Table 5. Each hypothesis was tested in 2-3 studies, and some of the studies with multiple versions. We therefore calculated the (mini) meta-analytic effects for each of the hypotheses, and will conclude support for a hypothesis if the confidence intervals of the effect do not overlap with the null.
Replication closeness evaluation
We provided details on the classification of the replications using the criteria by LeBel et al. (2018) in Table 4 below (see the “replication closeness evaluation” section in the supplementary). We summarized the replication as a “very close replication”.
[bookmark: d3b15wwf5to0]

Table 4
Replication classification based on LeBel et al. (2018)
	Design facet
	Replication
	Details of deviation

	Effect/hypothesis
	Same
	

	IV construct
	Same
	

	DV construct
	Same
	

	IV operationalization
	Same
	

	DV operationalization
	Same
	

	Population (e.g. age)
	Similar
	Our replication is restricted to participants from the US; the original study had no such restriction but indicated the sample was “mostly Americans”.

	IV stimuli
	Same
	

	DV stimuli
	Same
	

	Procedural details
	Similar
	Minor modifications of the formatting and wording to enhance clarity and comprehension. See the “comparisons and deviations” section of the supplementary materials for more details.

	Physical settings
	Similar
	Online

	Contextual variables
	Similar
	Participants were recruited online via CloudResearch instead of through a panel.

	Replication classification
	Very close replication
	


[bookmark: _lwib79axqy1q][bookmark: _z6y8vp84e05r]




Replication closeness evaluation
We provided details on the classification of the replications using the criteria by LeBel et al. (2018) in Table 4 below (see the “replication closeness evaluation” section in the supplementary). We summarized the replication as a “very close replication”.
Data analysis strategy
We conducted data analyses for both the replication and extension sections using RStudio (version 2022.12.0.353, running R version 4.2.2) with the packages "effectsize", "haven", "psych", "reshape", "statsExpressions", and "tidyverse", while graphs were generated using the packages "afex", "dplyr", "ggplot2", "ggstatsplot", "haven", "labelled", "PMCMRplus", "sjlabelled", and "reshape".
[bookmark: _b8wzwy2hx9iw]Target alpha .005 and corrections.
The tests for some of the hypotheses involve several analyses on similar dependent variables in the same Study, such as having three analyses in Study 2 to test Hypothesis 3. Following on Editor Dr./Prof. Romain Espinosa suggestion to compensate for multiple analyses, we adjust our target alpha to .005 throughout. We will report raw p-values. For ANOVA analyses we will report Holm corrections for multiple analyses and will report both raw and corrected p-values, yet our criteria for signal will use the corrected p-values against the .005 alpha threshold.
We will complement our NHST reporting with Bayesian analyses reporting although we note that our replication success criteria will follow the NHST signal and directionality per the LeBel et al. (2019) criteria.
[bookmark: _7k24rh7eb1a5]Replication
Data analyses for the replication were conducted according to the information provided in the original article. For most hypotheses, a one-sample t-test was used to compare participant responses with an equal allocation, or to a 100% allocation to the one charity that was objectively more efficient or effective according to the utilitarian standards as set by Baron and Szymanska (2011). Paired t-tests were used to compare participant responses to different items in the same scenario or group of scenarios.
Additionally, for some studies that had multiple versions for the same hypothesis, we conducted one-way repeated measures ANOVAs tests to test for differences.
[bookmark: _1rf14ok3c08q]Extensions
The data analyses for the extensions will follow the same structure of analogous items in the replication; one-sample t-tests will be used to compare participant responses with an equal allocation. As the items and questions posed to participants of both Study 1 and Study 2 are exactly the same in both extensions, the participant responses in both studies will be coalesced and analyzed as one single data set unlike in the replication.
[bookmark: _84vxz5asrzmh]Assumption checks
We aimed to follow the target article in their analyses. The data analyzes in the original article were conducted using parametric one-sample and paired samples t-tests; these tests run under assumptions of normality and/or homogeneity of variance. We believe this is justified even if normality is violated given complexities inherent in normality tests and rerunning analyses with non-parametric tests (Knief, & Forstmeier, 2021). 
However, if we fail to find support for the hypotheses and the assumptions, we will examine the possibility of normality and/or homogeneity violations for the failed analyses, and make adjustments accordingly. In case we find a violation of normality, we will conduct exploratory complementary non-parametric tests of the same tests to verify the validity of the results without the normality and/or variance homogeneity assumptions (with Wilcoxon tests being used in replacement of one-sample and paired t-tests and the Kruskal–Wallis test in replacement of the one-way ANOVA test), and with a stricter criteria using an alpha criterion to .005 to account for the multiple analyses.
[bookmark: _kqa8nejnmznf]Supplementary Bayesian reporting
Our main analysis is using Null Hypothesis Significance Testing, which is focused on rejecting the null hypothesis, yet to address the possibility that we may fail to find support for rejecting the null, we complement all our analyses with Bayesian analyses using a prior of BF = 0.707. Bayes factor will be reported in our figures, using the R package ggstatsplot.
[bookmark: 35nkun2][bookmark: _1nl6yfvte8ce]

Results
[IMPORTANT: 
Method and results were written using a randomized dataset produced by Qualtrics to simulate what these sections will look like after data collection. These will be updated following the data collection. For the purpose of the simulation, we wrote these sections in past tense, but no pre-registration or data collection took place yet.]

[bookmark: _4z88mu47f87p]Replication: Allocations
[Note: All ggstatsplot plots in the Rmarkdown code and outputs now also contain Bayes results based. These will be updated to replace the plots before following data collection in Stage 2.]
[bookmark: _iujxj51gqn11]1. Waste/overhead (Hypothesis 1)
We conducted three one-sample t-tests for Studies 1 to 3, which we summarized and plotted in Figures 1 and 2. The differences were that Studies 1-2 were on a 0-100 scale, whereas Study 3 was on a 1-5 scale and is more explicit about efficiency with remaining funds.
[bookmark: _cuehojbor20c]We failed to find support for decreased participant willingness to donate to charities with a higher level of perceived waste in Study 1 (M = 52.94, SD = 30.72, t349 = 1.79, p = .074, d = 0.10, 95% CI [-0.01, 0.20]) and in Study 2 (M = 48.80, SD = 31.43, t349 = -0.71, p = .476, d = -0.04, 95% CI [-0.14, 0.07]) (against a midpoint of 50).
In Study 3, we also failed to find support for a decreased participant willingness to donate to charities with a higher level of perceived waste; participants did not allocate significantly more money to the charity with a lower level of perceived waste (against a midpoint of 3; M = 2.88, SD = 1.42, t348 = -1.54, p = .124, d = -0.08, 95% CI [-0.19, 0.02]).
[bookmark: _sao1c7jz3oni]

Figure 1
Waste/overhead, Studies 1 and 2: Histograms for the effect of waste on allocation
[bookmark: _crbrap6gk4rc][image: ][image: ]
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[bookmark: _tjzbbc4gjuz]Note. The scenario: “A and B help prevent deaths in children. Both of them can prevent 5 deaths for every $1,000 of donations [bolded only in the Study 2 version]. A spends $200 out of every $1,000 of donations on advertising. B spends $100.”
[bookmark: _jylh0y59x2ll]
Figure 2
[bookmark: _bc8q7013jca6]Waste/overhead, Study 3: Allocation
[bookmark: _cjha6dst7sva][image: ]
[image: ]
Note. The scenario: “A and B help prevent deaths in children. Both of them can prevent 5 deaths for every $1,000 of donations. A spends $200 out of every $1,000 of donations on overhead expenses, but manages to save 5 lives with the remaining $800. B spends $100 out of every $1,000 on overhead, and saves 5 lives with the remaining $900.”
[bookmark: _z2t5693s7nh]2. Past costs (Hypothesis 2)
We conducted two one-sample t-tests for Studies 1 and 2, which we summarized and plotted in Figures 3 and 4. 
[bookmark: _jsgpmzoq81s9]We failed to find support for the hypothesis that participants attend to average benefit per dollar even when irrelevant in Study 1 (M = 47.37, SD = 31.18, t349 = -1.58, p = .116, d = -0.08, 95% CI [-0.19, 0.02]) and in Study 2 (M = 49.2, SD = 31.96, t349 = -0.47, p = .639, d = -0.03, 95% CI [-0.13, 0.08]) (against a midpoint of 50).
[bookmark: _7m94fiszlgpc]

Figure 3
Past costs, Study 1: Allocation
[bookmark: _vgb3ms7x1fp][image: ]
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[bookmark: _ky4ayn1vp3ow]Note. The scenario: “A and B help prevent deaths in children. A prevents 5 deaths for every $1,000 of donations, on the average, and B prevents 6 deaths for every $1,000. Given the donations they have received so far, and the opportunities for expansion, A will prevent 5 deaths for each additional $1,000 beyond its current level of spending and B will also prevent 5 deaths.”
[bookmark: _31khzddm1l4f]Figure 4
[bookmark: _jy4czh3d5km1]Past costs, Study 2: Allocation
[bookmark: _pscr7h8nhdvp][image: ]
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[bookmark: _f0jwpx1vd4mw]Note. The scenario: “A and B will each prevent 5 deaths for every $10,000 of new donations. A was much more expensive to get started. Thus, the cost per life saved on the average is higher for A, because A has spent more money in total.”
[bookmark: _ij3sgz517q0o]3. Diversification effect (Hypothesis 3)
[bookmark: _94wnzw8a9buq]3a) Unequal efficiency
We conducted three one-sample t-tests for Study 2, versions 1 to 3, which we summarized and plotted in Figure 5. We found support for the hypothesis that participants would diversify their donations even at the cost of inefficiency, in version 1 (M = 49.57, SD = 30.49, t349 = 30.4, p < .001, d = 1.63, 95% CI [1.47, 1.79]), version 2 (M = 49.54, SD = 31.39, t349 = 29.5, p < .001, d = 1.58, 95% CI [1.42, 1.73]), and version 3 (M = 50.66, SD = 31.04, t349 = 30.5, p < .001, d = 1.63, 95% CI [1.47, 1.79]) (compared to the most efficient allocation, which is allocating 0% to the less efficient charity).
[bookmark: _j1efx7k5x0dp]

Figure 5 
[bookmark: _1qluy2t7kzup]3a) Diversification with unequal efficiency, Study 2: Allocation
[bookmark: _t3c4pn3z3ico][image: ][image: ][image: ]
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[bookmark: _ojncksmztyli]Note. Study 2, version 1: A can save one life for $10,000. B can save one life for $12,500. The people helped are from the same groups, with the same problems.
Study 2, version 2: A can save 5 lives for $50,000. B can save 4 lives for $50,000. The people helped are from the same groups, with the same problems.
Study 2, version 3: A and B are both involved in preventing death in people with AIDS. A uses a method with a 75% chance of success over 5 years. B uses a method with a 50% chance of success over 5 years, with the same patients.
[bookmark: _7eik3dcodn6l]

[bookmark: _3id24nwypvfy]

We also conducted four one-sample t-tests by collating the responses to versions 1, 2, and 3 in Study 4. We found that participants allocated more than nothing to the less effective charity when asked for the right allocation (M = 2.98, SD = 1.43, t1052 = 44.9, p < .001, d = 1.38, 95% CI [1.30, 1.47]), the allocation they would feel best about making (M = 3.03, SD = 1.41, t1052 = 46.8, p < .001, d = 1.44, 95% CI [1.36, 1.53]), the most efficient allocation (M = 3.00, SD = 1.42, t1052 = 45.8, p < .001, d = 1.41, 95% CI [1.33, 1.50]), and the allocation that would do the most good for each $1,000 spent (M = 3.05, SD = 1.43, t1052 = 46.5, p < .001, d = 1.43, 95% CI [1.35, 1.52]) (all compared against a lowest point of 1, with 1 being all to the more effective charity and 5 being all to the less effective charity).
 We then conducted four one-way repeated measures ANOVA tests and found no support for differences between the versions when asked for the rightabout allocation (F(2, 699.2) = 0.242, p = .785, partial ω² = 0.00), the allocation they would feel best about makingfeeling (F(2, 698.3) = 0.247, p = .781, partial ω² = 0.00), and the most efficient allocationefficiency (F(1.99, 697.7) = 0.984, p = .374, partial ω² = 0.00), as well as the allocation that would do the most good for each $1,000 spentand impact (F(1.99, 695.7) = 0.352, p = .702, partial ω² = 0.00). We summarized and plotted all analyses in Figure 6.
[bookmark: _senah8xqyhuc]

Figure 6 
3a) Diversification with unequal efficiency, Study 4: Allocation, Feeling, Efficiency, Impact
[bookmark: _oug0qrjl4gup][image: ][image: ][image: ][image: ]
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Note. Scale is ordinal; jitter was added for visualization.
Scenarios:
Study 4, version 1: “A and B are both involved in preventing death in people with AIDS. A uses a method with a 75% chance of success over 5 years. B uses a method with a 50% chance of success over 5 years, with the same patients”.
Study 4, version 2: “A can save one life for $10,000. B can save one life for $12,500. The people helped are from the same groups, with the same problems”.
Study 4, version 3: “A can save 5 lives for $50,000. B can save 4 lives for $50,000. The people helped are from the same groups, with the same problems.”

[bookmark: _ylxdgvd2mw4l][bookmark: _jvw2rfjdyoym]

We then conducted a paired t-test, and found no support for differences between the average response per participant to the “right allocation” and “allocation that feels best” questions combined (M = 3.00, SD = 0.57) and the average response per participant to the “most efficient allocation” and “allocation that does the most good” questions combined (M = 3.03, SD = 0.58; t350 = -0.58, p = .562, d = -0.03, 95% CI [-0.14, 0.07]). We also found no support for differences between the proportion of responses that allocated something to the less efficient charity when asked for “right allocation” and the “allocation that feels best” (M = 0.8, SD = 0.16) to the proportion of responses that allocated something to the less efficient charity when asked for the “most efficient allocation” and the “allocation that does the most good” (M = 0.81, SD = 0.16; t350 = -0.20, p = .840, d = -0.01, 95% CI [-0.12, 0.09]). Both analyses are summarized and plotted in Figure 7.
[bookmark: _dy1s1vk6kwvl]

Figure 7
[bookmark: _ct6ai7oqnqco]3a) Diversification in unequal efficiency, Study 4: Comparison of allocation 
[bookmark: _qjrtlb2u6s4v][image: ][image: ]
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[bookmark: _h2dsspso6ibf]Note. Scale is ordinal; jitter was added for visualization purposes.

[bookmark: _462c6x5lh95s]3b) Unequal efficiency, several projects versus one
We conducted two one-sample t-tests for Studies 1 and 3, which we summarized and plotted in Figure 8. We found support for higher than nothing allocation to the less effective charity in Study 1 (against a lowest point of 0; M = 52.34, SD = 31.73, t349 = 30.9, p < .001, d = 1.65, 95% CI [1.49, 1.81]), and in Study 3 (against a lowest point of 1; M = 3.06, SD = 1.46, t348 = 26.3, p < .001, d = 1.41, 95% CI [1.26, 1.56]). 
[bookmark: _xui6xzf5lr4c][bookmark: _mnjl4pivnijc]

Figure 8 
[bookmark: _7gid717kxlze]3b) Diversification in unequal efficiency, Studies 1 and 3: Allocation (several projects versus one)
[bookmark: _p9sbofa4dks7][image: ][image: ]
[image: ][image: ]
[bookmark: _71mwbusqg01d]Note. Scenarios:
Study 1: “A puts all the money into one project, which has a 75% chance of helping many children, and a 25% chance of doing no good at all. B puts the money into several different projects, each of which has a 70% chance of helping some children, but a 30% chance of doing no good”.
Study 3: “A puts $1,000,000 into one project, which has a 75% chance of helping 10,000 children, and a 25% chance of doing no good. B puts $200,000 into each of 5 projects ($1,000,000 total). Each of the 5 has a 70% chance of helping 2,000 children and a 30% chance of doing no good. (If all 5 succeed, then the total benefit is 10,000 children, the same as A.)”
[bookmark: _xc75ny8pxti8]
We also conducted two one-sample t-tests for Study 4. We found support for higher than nothing allocation to the less effective charity when asked for the right allocation (M = 2.95, SD = 1.38, t350 = 26.5, p < .001, d = 1.41, 95% CI [1.26, 1.56]) and the most efficient allocation (M = 2.96, SD = 1.36, t350 = 27.0, p < .001, d = 1.44, 95% CI [1.29, 1.59]) (both against a lowest point of 1, with 1 being all to the more effective charity and 5 being all to the less effective charity).
[bookmark: _w9y3ncx2qzi3]We conducted a paired t-test and found no support for differences between the responses to the two questions (t350 = -0.14, p = .888, d = 0.00, 95% CI [-0.11, 0.10]; summarized and plotted in Figure 9).
Figure 9
[bookmark: _cxdf8qn96377]3b) Diversification in unequal efficiency, Study 4: Comparison of allocation (several projects versus one)
[bookmark: _23g66bd7qrvo][image: ]
[image: ]
Note. Scale is ordinal; jitter was added for visualization purposes.
Scenario: “A puts $1,000,000 into one project, which has a 75% chance of helping 10,000 children, and a 25% chance of doing no good. B puts $200,000 into each of 5 projects ($1,000,000 total). Each of the 5 has a 70% chance of helping 2,000 children and a 30% chance of doing no good. (If all 5 succeed, then the total benefit is 10,000 children, the same as A.)”
[bookmark: _mdxxmzeuui3r]

[bookmark: _57owru4mt6i9]3c) Equal efficiency
We conducted two one-sample t-tests for Studies 1 and 2, summarized and plotted in Figure 10. We found no support for differences in allocation of money in Study 1 (M = 50.77, SD = 31.85, t349 = 0.45, p = .651, d = 0.02, 95% CI [-0.08, 0.13]) and Study 2 (M = 46.69, SD = 32.93, t349 = -1.88, p = .061, d = -0.10, 95% CI [-0.21, 0.00]), compared to an equal allocation of 50% each.
[bookmark: _msigtr78mbwk]

Figure 10
[bookmark: _n3ztj95hns7]3c) Diversification with equal efficiency, Studies 1 and 2: Allocation [image: ][image: ][image: ][image: ]
Note. Scenario: “A puts all the money into one project, which will help 100,000 children. B puts the money into five different projects, each of which will help 20,000 children. (The benefit per child will be the same.)”

[bookmark: _m51aeq5sotsh]

[bookmark: _fa1895l4jesj]4. Nationalism/Ingroup effect (Hypothesis 4)
We conducted two one-sample t-tests for Studies 1 and 2, summarized and plotted in Figure 11. We failed to find support for increased participant willingness to donate to charities that help children in their own country over children around the world in Study 1 (M = 49.94, SD = 32.14, t349 = -0.03, p = .974, d = 0.00, 95% CI [-0.11, 0.10]) and in Study 2 (M = 50.77, SD = 32.48, t349 = 0.44, p = .657, d = 0.02, 95% CI [-0.08, 0.13]) (both against a 50% midpoint).
[bookmark: _c3zuwclmup9a]
Figure 11
[bookmark: _b86kjhs8mur]Ingroup effect, Studies 1 and 2: Allocation
[bookmark: _9rx6kd9czig][image: ][image: ]
[image: ][image: ]
Note. Scenarios:
Study 1: A helps children who are in your own country. B helps children around the world. The children are equally needy.
Study 2, version 1: A helps children who are in your own country. B helps children around the world. The children are equally needy, and the benefits are the same for each child.
[bookmark: _awcaz1o9rdur]

[bookmark: _6wqdl974urjj]We conducted three additional one-sample t-tests for Study 2 for specific locations, and found support for increased participant willingness to donate to charities that help children in their own country over a given foreign country or region in the India condition (M = 53.69, SD = 31.52, t349 = 2.19, p = .029, d = 0.12, 95% CI [0.01, 0.22]), but failed to find support in the Africa (M = 49.23, SD = 32.49, t349 = -0.44, p = .657, d = -0.02, 95% CI [-0.13, 0.08]) and Latin America conditions (M = 49.89, SD = 31.96, t349 = -0.07, p = .947 d = 0.00, 95% CI [-0.11, 0.10]) (all against a 50% mid-point). 
[bookmark: _sabb4fh83lia]We then conducted a one-way repeated measures ANOVA test and found no support for differences between the three location conditions (F(1.99, 695.4) = 1.98, p =  .139, partial ω² = 0.00; summarized and plotted in Figure 12).
Figure 12 
Ingroup effect in Study 2, versions 2-4: Comparison of allocation
[bookmark: _3swhjuslnrp7][image: ]
[image: ]
[bookmark: _jdldfogfjcb1]Note. Scale is ordinal; jitter was added for visualization purposes.
Scenarios: “A helps children who are in your own country. B helps children in [Study 2, version 2: India; version 3: Africa; version 4: Latin America]. The children are equally needy, and the benefits are the same for each child.”
[bookmark: _tg5scsnudzkg]We conducted four one-sample t-tests for Study 3. We failed to find support for increased participant willingness to donate to charities that help children in their own country over a given foreign country or region in the Eastern Europe conditions (M = 2.85, SD = 1.37, t348 = -2.07, p = .039, d = -0.11, 95% CI [-0.22, -0.01]), but failed to find support in the India (M = 3.07, SD = 1.35, t348 = 0.91, p = .362, d = 0.05, 95% CI [-0.06, 0.15]), China (M = 2.98, SD = 1.36, t348 = -0.32, p = .752, d = -0.02, 95% CI [-0.12, 0.09]), and Africa (M = 3.06, SD = 1.41, t348 = 0.76, p = .447, d = 0.04, 95% CI [-0.06, 0.15]) (all against a mid-point of 3, summarized and plotted in Figure 13). 
[bookmark: _n4d3c6tzutuj]We also conducted a one-way repeated measures ANOVA test comparing the four conditions and found no support for differences between the four location conditions (F(2.98, 1037) = 1.91, p = .127, partial ω² = 0.00).
[bookmark: _v8o5ww2xza07]

[bookmark: _zbqxculn4cxu]Figure 13
[bookmark: _3qsbbr1dmdop]Ingroup effect in Study 3, versions 1-4: Comparison of allocation
[bookmark: _18ezi5ui775u][image: ]
[image: ]
Note. Scale is ordinal; jitter was added for visualization purposes.
Scenario: Study 3: A cures a disease in children who are in a distant part of your own country. B cures the same disease in children in [version 1: India; version 2: Eastern Europe; version 3: China; version 4: Africa]. A and B are equally efficient. You do not know any of the affected children, or any children who have had this disease.”
[bookmark: _1hc0d852663x]

[bookmark: _v26wbnxk6gyu]/5. Forced-charity/Government-taxes effect (Hypothesis 5)
We conducted three one-sample t-tests for Study 54, versions 1 through 5 using the average of the four questions asked per version, which we summarized and plotted in Figure 14. We failed to find support for the hypothesis that participants would be biased against forced charity version 1 (M = 0.01, SD = 0.43, t350 = 0.49, p = .622, d = 0.03, 95% CI [-0.08, 0.13]), version 2 (M = -0.03, SD = 0.41, t350 = -1.19, p = .234, d = -0.06, 95% CI [-0.17, 0.04]), version 3 (M = -0.01, SD = 0.40, t350 = -0.54, p = .593, d = -0.03, 95% CI [-0.13, 0.08]), version 4 (M = 0.00, SD = 0.41, t350 = -0.13, p = .897, d = 0.00, 95% CI [-0.11, 0.10]), and version 5 (M = 0.02, SD = 0.38, t350 = 0.96, p = .339, d = 0.05, 95% CI [-0.05, 0.16]) (all against an equal response of 0). 

Figure 14 
Forced charity in Study 4, versions 1 to 5: Mean response[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]
[bookmark: _l69ss0r03q2z]Note. See the supplementary for differences between the five versions. This is the mean of the four dependent measures: "which case would you favor", "which case is more fair", "which has more freedom of choice" (-1 = the forced case; 0 = both cases are equal; 1 = the voluntary case), and "which [of fair cost allocation and freedom of choice] is more important" (-1 = fair cost allocation; 0 = both are equal; 1 = freedom of choice).
[bookmark: _4luu159oxjnt]

 We then conducted five one-way repeated measures ANOVA tests and found no support for differences in responses between the questions in version 1 (F(2.95, 1032) = 0.781, p = .503, partial ω² = 0.00), version 2 (F(2.97, 1038) = 1.37, p = .264, partial ω² = 0.00), version 3 (F(2.99, 1047) = 0.607, p = .610, partial ω² = 0.00), version 4 (F(2.95, 1034) = 0.674, p = .239, partial ω² = 0.00), and version 5 (F(2.96, 1045) = 0.523, p = .665, partial ω² = 0.00). We summarized and plotted all analyses in Figure 15.
[bookmark: _tohanfwpjkjp]

Figure 15 
[bookmark: _hc5m7v4zaibq]Forced charity in Study 4, versions 1 to 5: Comparison of responses
[bookmark: _13qei6hdreh7][image: ][image: ][image: ][image: ][image: ]
[image: ][image: ][image: ][image: ][image: ]
[bookmark: _xtaj5l4m7zeu]Note. Scale is ordinal; jitter was added for visualization purposes.
[bookmark: kix.3wvrob3xsht0][bookmark: _gjc383fijp1b]

Comparing replication to original findings
We provide a summary of replication statistical tests below in Tables 5 and 6. For tests corresponding to ones in the original study where enough details were provided to calculate an effect size, we interpret the results of our replication based on the criteria in LeBel et al. (2019) by comparing our replication effect sizes and confidence intervals to the original effect sizes in the target article.

Table 5
Summary of replication statistical tests (one-sample t-tests)
	
	
	
	
	
	
	
	
	
	Target article
	

	
Hypothesis
	Study (Version/Question)
	M
	SD
	t-test midpoint
	t
	df
	p
	Cohen’s d and
95% CI
	Cohen’s d and
95% CI
	Interpretation

	1 (Waste/
overhead)
	1
	52.94
	30.72
	50
	1.79
	349
	.074
	0.10 [-0.01, 0.20]
	
	

	
	2
	48.80
	31.43
	50
	-0.71
	349
	.476
	-0.04 [-0.14, 0.07]
	
	

	
	3
	2.88
	1.42
	3
	-1.54
	348
	.124
	-0.08 [-0.19, 0.02]
	0.37 [0.15, 0.56]
	No signal — inconsistent

	Mini meta-effect
	
	
	
	
	
	
	
	
	
	

	2 (Past costs)
	1
	47.37
	31.18
	50
	-1.58
	349
	.116
	-0.08 [-0.19, 0.02]
	
	

	
	2
	49.20
	31.96
	50
	-0.47
	349
	.639
	-0.03 [-0.13, 0.08]
	0.42 [0.19, 0.64]
	No signal — inconsistent

	Mini meta-effect
	
	
	
	
	
	
	
	
	
	

	3 3a 
(Diversification effect) (Unequal efficiency)
	2 (version 1)
	49.57
	30.49
	0
	30.4
	349
	<.001
	 1.63 [1.47, 1.79]
	
	

	
	2 (version 2)
	49.54
	31.39
	0
	29.5
	349
	<.001
	1.58 [1.42, 1.73]
	
	

	
	2 (version 3)
	50.66
	31.04
	0
	30.5
	349
	<.001
	1.63 [1.47, 1.79]
	
	

	
	4 (right allocation) (v1)
	2.98
	1.43
	1
	44.9
	1052348
	<.001
	1.38 [1.30, 1.47]
	
	

	
	4 (feel bestfeeling) (v1)
	3.03
	1.41
	1
	46.8
	1052348
	<.001
	1.44 [1.36, 1.53]
	
	

	
	4 (most efficientefficiency) (v1)
	3.00
	1.42
	1
	45.8
	1052348
	<.001
	1.41 [1.33, 1.50]
	
	

	
	4 (most good doneimpact) (v1)
	3.05
	1.43
	1
	46.5
	1052348
	<.001
	1.43 [1.35, 1.52]
	
	

	
	4 (right allocation) (v2)
	
	
	
	
	348
	
	
	
	

	
	4 (feeling) (v2)
	
	
	
	
	348
	
	
	
	

	
	4 (efficiency) (v2)
	
	
	
	
	348
	
	
	
	

	
	4 (impact) (v2)
	
	
	
	
	348
	
	
	
	

	
	4 (right allocation) (v3)
	
	
	
	
	348
	
	
	
	

	
	4 (feeling) (v3)
	
	
	
	
	348
	
	
	
	

	
	4 (efficiency) (v3)
	
	
	
	
	348
	
	
	
	

	
	4 (impact) (v3)
	
	
	
	
	348
	
	
	
	

	Mini meta-effect
	
	
	
	
	
	
	
	
	
	

	3b 
(Diversification effect) (Unequal efficiency, several projects versus one)
	1
	52.34
	31.73
	0
	30.9
	349
	<.001
	1.65 [1.49, 1.81]
	
	

	
	3
	3.06
	1.46
	1
	26.3
	348
	<.001
	1.41 [1.26, 1.56]
	
	

	
	4 (right allocation)
	2.95
	1.38
	1
	26.5
	350
	<.001
	 1.41 [1.26, 1.56]
	
	

	
	4 (feeling) [N/A]
	
	
	
	
	
	
	
	
	N/A

	
	4 (efficient allocationefficiency)
	2.96
	1.36
	1
	27.0
	350
	<.001
	 1.44 [1.29, 1.59]
	
	

	
	4 (impact) [N/A]
	
	
	
	
	
	
	
	
	N/A

	Mini meta-effect
	
	
	
	
	
	
	
	
	
	

	3c (Diversification effect) (Equal efficiency)
	1
	50.77
	31.85
	50
	0.45
	349
	.651
	 0.02 [-0.08, 0.13]
	
	

	
	2
	46.69
	32.93
	50
	-1.88
	349
	.061
	 -0.10 [-0.21, 0.00]
	
	

	Mini meta-effect
	
	
	
	
	
	
	
	
	
	

	4 (Ingroup effect)
	1
	49.94
	32.14
	50
	-0.03
	349
	.974
	 0.00 [-0.11, 0.10]
	
	

	
	2 (around the world)
	50.77
	32.48
	50
	0.44
	349
	.657
	0.02 [-0.08, 0.13]
	
	

	
	2 (India)
	53.69
	31.52
	50
	2.19
	349
	.029
	0.12 [0.01, 0.22]
	
	

	
	2 (Africa)
	49.23
	32.49
	50
	-0.44
	349
	.657
	-0.02 [-0.13, 0.08]
	
	

	
	2 (Latin America)
	49.89
	31.96
	50
	-0.07
	349
	.947
	0.00 [-0.11, 0.10]
	
	

	
	3 (India)
	3.07
	1.35
	3
	0.91
	348
	.362
	0.05 [-0.06, 0.15]
	
	

	
	3 (Eastern Europe)
	2.85
	1.37
	3
	-2.07
	348
	.039
	-0.11 [-0.22, -0.01]
	
	

	
	3 (China)
	2.98
	1.36
	3
	-0.32
	348
	.752
	-0.02 [-0.12, 0.09]
	
	

	
	3 (Africa)
	3.06
	1.41
	3
	0.76
	348
	.447
	0.04 [-0.06, 0.15]
	
	

	Mini meta-effect
	
	
	
	
	
	
	
	
	
	

	5 (Forced-charity/
Government-taxes effect)
	4 (version 1)
	0.01
	0.43
	0
	0.49
	350
	.622
	0.03 [-0.08, 0.13]
	
	

	
	4 (version 2)
	-0.03
	0.41
	0
	-1.19
	350
	.234
	 -0.06 [-0.17, 0.04]
	
	

	
	4 (version 3)
	-0.01
	0.40
	0
	-0.54
	350
	.593
	-0.03 [-0.13, 0.08]
	0.32 [0.09, 0.55]
	No signal — inconsistent

	
	4 (version 4)
	0.00
	0.41
	0
	-0.13
	350
	.897
	0.00 [-0.11, 0.10]
	0.70 [0.43, 0.93]
	No signal — inconsistent

	
	4 (version 5)
	0.02
	0.38
	0
	0.96
	350
	.339
	0.05 [-0.05, 0.16]
	
	

	Mini meta-effect
	
	
	
	
	
	
	
	
	
	


Note. Outcome interpretations are based on LeBel et al. (2019) where target article Cohen’s d and 95% CI are available. N/A: Not reported at all in target, comparison interpretation not possible.

Table 6
Summary of replication statistical tests (paired t-tests)
	
	
	
Condition 1
	
Condition 2
	
	
	
	
	Target article
	

	
Hypothesis and study
	Comparison
	Label
	M
	SD
	Label
	M
	SD
	t
	df
	p
	Cohen’s d and 95% CI
	Cohen’s d and 95% CI
	Interpretation

	3 (Diversifi-
cation effect), Study 4 (Unequal efficiency)
	Comparison of means
	Right allocation/feel best
	3.00
	0.57
	Most efficient use/most good done
	3.03
	0.58
	-0.58
	350
	.562
	  -0.03 [-0.14, 0.07]
	0.36 [0.13, 0.59]
	No signal — inconsistent

	
	Comparison of proportions
	Right allocation/feel best
	0.80
	0.16
	Most efficient use/most good done
	0.81
	0.16
	-0.20
	350
	.840
	-0.01 [-0.12, 0.09]
	0.41 [0.18, 0.64
	No signal — inconsistent

	(Unequal efficiency, several projects versus one)
	Comparison of allocation
	Right allocation
	2.95
	1.38
	Most efficient use
	2.96
	1.36
	-0.14
	350
	.888
	0.00 [-0.11, 0.10]
	
	


Note. Outcome interpretations are based on LeBel et al. (2019) where target article Cohen’s d and 95% CI are available.
[bookmark: _mjojfvemtnqt]Replication: Additional exploratory measures 
The target article also ran additional measures in each study that were provided in the shared materials but with no findings reported in the book chapter. We included those measures in our data collection, yet given that they were not reported, we considered those exploratory analyses and reported those here for completeness. We summarized descriptives and statistics in Table 7.
Table 7
Summary of replication statistical tests (one-sample t-tests)
	
	
	
	
	
	
	
	
	

	
Study 
	Variable
	M
	SD
	t-test midpoint
	t
	df
	p
	Cohen’s d and
95% CI

	1
	Feeling
	
	
	0
	
	
	
	

	
	Effectiveness
	
	
	0
	
	
	
	

	
	Impact
	
	
	0
	
	
	
	

	2
	Feeling
	
	
	0
	
	
	
	

	
	Effectiveness
	
	
	0
	
	
	
	

	
	Impact
	
	
	0
	
	
	
	

	3 Part 1
	Feeling
	
	
	0
	
	
	
	

	
	Efficiency
	
	
	3
	
	
	
	

	3 Part 2 - Version 1
	Preference
	
	
	0
	
	
	
	

	
	Fairness
	
	
	0
	
	
	
	

	
	Freedom
	
	
	0
	
	
	
	

	
	Unequal case
	
	
	0
	
	
	
	

	
	Priorities
	
	
	0
	
	
	
	

	3 Part 2 - Version 2
	Preference
	
	
	0
	
	
	
	

	
	Fairness
	
	
	0
	
	
	
	

	
	Freedom
	
	
	0
	
	
	
	

	
	Unequal case
	
	
	0
	
	
	
	

	
	Priorities
	
	
	0
	
	
	
	

	3 Part 2 - Version 3
	Preference
	
	
	0
	
	
	
	

	
	Fairness
	
	
	0
	
	
	
	

	
	Freedom
	
	
	0
	
	
	
	

	
	Unequal case
	
	
	0
	
	
	
	

	
	Priorities
	
	
	0
	
	
	
	

	3 Part 2 - Version 4
	Preference
	
	
	0
	
	
	
	

	
	Fairness
	
	
	0
	
	
	
	

	
	Freedom
	
	
	0
	
	
	
	

	
	Unequal case
	
	
	0
	
	
	
	

	
	Priorities
	
	
	0
	
	
	
	

	3 Part 2 - Version 5
	Preference
	
	
	0
	
	
	
	

	
	Fairness
	
	
	0
	
	
	
	

	
	Freedom
	
	
	0
	
	
	
	

	
	Unequal case
	
	
	0
	
	
	
	

	
	Priorities
	
	
	0
	
	
	
	

	3 Part 2 - Version 6
	Preference
	
	
	0
	
	
	
	

	
	Fairness
	
	
	0
	
	
	
	

	
	Freedom
	
	
	0
	
	
	
	

	
	Unequal case
	
	
	0
	
	
	
	

	
	Priorities
	
	
	0
	
	
	
	



[bookmark: _47n4lj9k46qf]Extensions
[bookmark: _tm145c6fzjon]6. Reputation/publicity (Hypothesis 6)
We conducted a one-sample t-test and failed to find support for participant preference in donating to causes that could improve their reputation (against a 50% midpoint; M = 50.63, SD = 32.34, t699 = 0.51, p = .607, d = 0.02, 95% CI [-0.05, 0.09]; summarized and plotted in Figure 15).
[bookmark: _5j3xbob8laon][bookmark: _2hjtda7c1k5j]
Figure 15 
Reputation in Studies 1 and 2 combined: Allocation
[bookmark: _jgty9gi9ibb2][image: ][image: ]
Note. Scenario: “Study 1, Study 2: A and B both help thousands of children. A publishes the names of donors and how much they donated on their website. B keeps donors anonymous.”
[bookmark: _dwjqtghbac5u][bookmark: _9toat68ogu1l]

7. Overhead costs external funding (Hypothesis 7)
We conducted a one-sample t-test and failed to find support for participant preference in donating to causes for which overhead has been paid for by another donor (against a 50% mid-point; M = 51.66, SD = 31.94, t699 = 1.37, p = .170, d = 0.05, 95% CI [-0.02, 0.13]; summarized and plotted in Figure 16).
[bookmark: _cx13x99xmd9r]
Figure 16
[bookmark: _w6w16iva5m3]Overhead funding in Studies 1 and 2 combined: Allocation
[image: ]
[image: ]
Note. Scenario: “Study 1, Study 2: A and B both help thousands of children. Both charities spend 50% of the donations they receive on administrative costs. For each $100 contribution to A, $50 will go to helping children and $50 will be used to cover administrative costs. For each $100 contribution to B, all $100 will go to helping children; another donor will cover the corresponding $100 administrative cost of this contribution.”

[bookmark: _2wld7kz1vkej]Summary of extension findings
[bookmark: _x2utk7fe0n2e]We provide a summary of replication statistical tests below in Table 78.
Table 78
Summary of extension statistical tests (One-way t-tests)
	 
	M
	SD
	Mid-
point
	t-stat
	df
	p
	Cohen's d and 95% CI

	Reputation
(Hypothesis 6)

	Studies 1 and 2
	50.63
	32.34
	50
	0.51
	699
	.607
	0.02 [-0.05, 0.09]

	Overhead funding
(Hypothesis 7)

	Studies 1 and 2
	51.66
	31.94
	50
	1.37
	699
	.170
	0.05 [-0.02, 0.13]


[bookmark: _4y6ep49wxtx0]

[bookmark: _xus6n5fkco99]Exploratory analyses
[To be completed in stage 2.]
Discussion
[Please note that the discussion and conclusion sections are only to be completed in Stage 2 following data collection.]
Replication
[bookmark: _uqx3c9nrf7i3]Extensions
[bookmark: _ogfrbvrxsdw]Implications
[bookmark: _ocznmww76buw]

Limitations and directions for future research
[Planned discussion for Stage 2: Following on Dr./Prof. Jonathan Berman’s comment: Studies are within-subject, as per the target article we aim to replicate; Yet, we will discuss advantages and disadvantages of that approach and comparisons between a within and a between subject design. People may react in ways they wouldn’t if the experiments were conducted using a between-subject design . We will also note this as directions for future research.
Planned discussion for Stage 2: Following on Dr./Prof. Jonathan Berman’s comment: There seems to be a methodological weakness in the test of Hypothesis 3, such that few participants may impact results.
Planned discussion for Stage 2: Following Dr./Prof. Amanda Geiser’s suggestion, discussing the generalizability of results and expanding on these in future studies in real-life and the field.
Planned discussion for Stage 2: Results not representative of all possible impediments to effective altruism, we’ll discuss suggestions for future replications and work referring to recommendations made by reviewer Dr./Prof. Amanda Geiser for Hsee et al. (2013) and Caviola, Schubert, & Greene (2021).
Planned discussion for Stage 2: Based on the Dr./Prof. Romain Espinosa’s comment on multiple analyses, we will discuss our adjusted alpha threshold with advantages and disadvantages, with references to supplementary Bayes analyses, and suggestions for replication work.
Planned discussion for Stage 2: Following on Dr./Prof. Jonathan Berman’s comment we will discuss the differences between Gneezy et al. (2014) and Camerer et al. (2018) and our conceptual replication implementation in our extension, discussing between versus within designs and other elements.  ]
Planned discussion for Stage 2: Following Dr./Prof. Amanda Geiser’s suggestion, a brief discussion implications of the outcomes for each research question/hypothesis. ]


Conclusion
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